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What does an r = +.61 tell us? Just as there were guidelines for interpreting effect sizes for t tests and ANOVAs, 
we have guidelines for interpreting the strength of correlation coefficients. Table 12.1 contains these guidelines. 
A correlation of +.61 is a strong correlation. Realize that by its very definition, a correlation coefficient is an 
effect size. Indeed, this subsection’s heading, “Strength of Correlations,” indicates we are dealing with effect 
sizes in this chapter.

Assumptions of the Pearson correlation

As with any inferential statistical tool, there are certain conditions that need to exist before the Pearson correla-
tion coefficient can be used. We consider three assumptions now:

1.	 Both variables are quantified by using a scale measurement. We cannot use this tool with nominal or 
ordinal data (Chapter 14 will provide us with tools for nominal and ordinal data).

You will sometimes see correlations reported in research that are not quantified by using a scale mea-
surement. This is not a mistake on the part of researchers. What’s going on in such cases is that there are 
different types of correlations available to researchers. In this Chapter, we focus on the most common 
correlation, the Pearson correlation coefficient. In Chapter 14, we will visit the Spearman rank-order 
correlation. Here, we will briefly visit two other types of correlations, just so you are aware of them.

The point-biserial correlation coefficient is used when one variable in the analysis is measured on a 
nominal scale. For instance, suppose we want to learn whether college first-years or seniors are expe-
riencing more stress in their lives. Class standing (i.e., first-year or senior) is a nominal variable, and 
stress is a scale variable. Thus, we could use the point-biserial correlation.

The phi coefficient is used when both variables are nominal. By extending the previous example, we 
could simply ask first-years and seniors whether they are feeling stressed. Such a response (“yes” or “no”) 
is a nominal measurement. Therefore, with two nominal measurements, the researcher would need the 
phi coefficient.

Now back to the assumptions of our focus in this chapter, the Pearson correlation:

2.	 There is a linear relationship between the two variables. As we saw when discussing curvilinear relation-
ships earlier in this section, Pearson correlations are not useful for understanding nonlinear relation-
ships, such as Yerkes-Dodson’s Law.

3.	 Scores on both variables are normally distributed. As we have noted in previous chapters, this assumption 
is normally satisfied when sample sizes are at least 25–30 participants.

Uses for correlations

We now discuss three common uses for correlations in research.

Table 12.1    Guidelines for Classifying Correlation Coefficients (Cohen, 1988)

Correlation Coefficient Strength of the Relationship

0 to ±.29 None (.00) or Weak

±.30 to ±.49 Moderate

±.50 to ±1.00 Strong


